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Fig. 1 Typical topology of a Bayesian network
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App. Tab. 2 Results of first round diagnosis in case 1
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Data-driven and interactive fault diagnosis of distribution switches

CHEN Guo-yan', LI Jun-jun®, CHEN Ying®, MEI Sheng-wei’
(1. Power Testing and Research Institute, Guangzhou Power Supply Bureau Co. Lid. ,
China Southern Power Grid, Guangzhou 100142, China;
2. Department of Electrical Engineering, Tsinghua University, Beijing 100084, China)

Abstract ; Efficient and accurate device fault diagnosis helps to improve the reliability and safety of the distribution
network. Benefiting from the development of information technology, a large amount of data has been accumulated
in sampling inspection, type test, and online monitoring, laying the foundation of data mining and intelligent diag-
nosis. To meet the requirement of intelligent operating and maintenance of the distribution network, a data-driven
and interactive diagnosis method of distribution switches is proposed. Using the physical model, historical fault di-
agnosis results, on-line monitoring data and simulation results, the proposed method excavates the relationship be-
tween fault representation and potential defects and trains Bayesian network to realize equipment defect reasoning.
Furthermore, the diagnosis results are adjusted according to the feedback of the test personnel, and an interactive
diagnosis method of equipment fault is proposed, which improves the detection accuracy by dynamically modifying
the reasoning model. Practical case tests illustrate the effectiveness of the proposed method.

Key words: distribution device; Bayes network ; association rules



